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Abstract

Artificial intelligence (Al) has been going viral during the last years. People from
all walks of life are introducing Al to enhance industrial value and promote industrial
transformation. As this industry develops rapidly, there is a dramatic increase in the
demand for talents and the following problems occurred. First, the high entry barrier of
developing the Al and the existing talents are unable to meet the growing needs. Second,
the processes of knowledge discovery in databases (KDD) and parameter adjustment
and even the execution may turn out to be a long period of time. Therefore, we need to
provide the feature of batching processing in the background. Lastly, duplicating the
processes of model developing and model training is too hard to apply successfully in
other fields. Measures to solve the above-mentioned problems, this study proposes a
method of introducing Robotic Process Automation (RPA) into the field of AI’s process
of model developing and training. By componentizing each step in the process of model
development, the decision-making process can be completed by dragging and clicking
which avoid repeated steps of data pre-processing and model selection on the Graphic
User Interface (GUI) we provided. Next, we provide the function of batch processing
in the background and add the component of metrics gateway. Users can complete the
route of decision-making process that based on the logical gateway that had set up.
Finally, a new decision-making rule management system is added that users can store
decision-making processes. When facing new problems, they can search for decision-
making processes of similar applications with AI’s algorithms based on their
information (such as name, description, data type, task category, etc.). At the same time,
users can import the decision-making processes and adjust the corresponding

parameters directly to achieve the reuse of the knowledge process. This system chooses
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to use Service-Oriented Architecture (SOA). If there is any demand for other

applications in the future, all we need to do is reassemble the features we provided

instead of redevelopment.

Keywords: Artificial Intelligence, Robotic Process Automation, Batch Processing,

Service-oriented Architecture
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