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Natural Image Models (Sec. 3.2)

M-Assumption (Sec. 3.3.3)

S-Assumption (Sec. 3.3.1)

πHBT (ΣW ) ∝ e
−λ 1

λi
‖Dui‖

2

Estimation of Mean

(µ̂ by MAP)

Estimation of Covariance

(Σ̂W by MAP)

Discriminant Direction
Nonlinear Extensions

e.g. Graphical Embedding [50]

1



S2 × S1 × R3\{0} × S2 × S1 ×

Sn n n + 1

n×m

X1 ∈ S2 × S1 X2 ∈ R3\{0} × S2 × S1

X1 X2
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∗ df
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∑
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